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Do Social Media Experiments Prove a Link With Mental Health:
A Methodological and Meta-Analytic Review

Christopher J. Ferguson
Department of Psychology, Stetson University

Whether social media influences the mental well-being of users remains controversial. Evidence from
correlational and longitudinal studies has been inconsistent, with effect sizes weak at best. However,
some commentators are more convinced by experimental studies, wherein experimental groups are asked
to refrain from social media use for some length of time, compared to a control group of normal use.
This meta-analytic review examines the evidence provided by these studies. All studies, regardless of out-
come, have fairly straightforward weaknesses related to demand characteristics. Thus, it is unclear whether
these study designs are capable of answering causal questions. Nonetheless, meta-analytic evidence for
causal effects was statistically no different than zero. However, remarkable between-study heterogeneity
was observed. Studies with citation bias produced higher effect sizes, suggesting a research expectancy
effect in some studies. Better designs and closer adherence to open science principles and care not to exag-
gerate the importance of weak effect sizes may help improve rigor in this field.

Public Policy Relevance Statement
Considerable debate remains regarding whether social media use impacts the mental health of users.
Recent commentary has focused on experiments of social media use as particularly valuable use.
However, significant methodological limitations in their design may decrease their value to this debate,
particularly as participants may easily guess the purpose of such experiments and change their behavior
accordingly. Further meta-analytic evidence suggests that, even taken at face value, such experiments pro-
vide little evidence for effects. Put very directly, this undermines causal claims by some scholars and pol-
iticians that reductions in social media time would improve adolescent mental health. Thus, appeals to
social media experiments may have misled more than informed public policy related to technology use.

Keywords: social media, mental health, depression, anxiety

Recent years have seen an increase in debates within both the pub-
lic and academic spheres regarding the potential impact of social
media use on mental health. Arguably, this shift in public concerns
is coincidental with a decline in concern regarding video games and
violence, as evidence emerged to suggest violent video games were
unrelated to youth aggression (e.g., Bowman, 2016; Drummond
et al., 2020, see also Orben, 2020). In this sense, it is possible to visu-
alize an ongoing cycle of technological moral panics, with fear sim-
ply moving from one source to the next as each is discredited in turn.
Nonetheless, this does not mean that hypotheses linking social
media to mental health are unreasonable. This issue has been
debated in government policy arms (e.g., House of Commons
Science and Technology Select Committee, 2019; UK Parliament,

2023; US Department of Health and Human Services, 2023) and
resulted in statements by professional guilds such as the American
Psychological Association (2023). Nonetheless, vigorous debate
has continued among scholars on this issue (e.g., Odgers &
Jensen, 2020; Orben & Przybylski, 2019; Twenge, 2020).
Meta-analyses of social media effects on mental health have, like-
wise, returned mixed results with generally weak effect sizes (e.g.,
Cunningham et al., 2021; Ferguson et al., 2022), and narrative
reviews have similarly come to no consensus (e.g., Hall et al.,
2021; AQ3

¶
Kaye, 2022). Experimental studies of potential effects are

comparatively few andmay be limited by significant methodological
issues (Satchell et al., 2021, AQ4

¶
see also Want, 2014 for relevant discus-

sion of methodological issues for experiments in a similar research
domain). Nonetheless, some commentators have found them to be
convincing (e.g., Hanania, 2023; Smith, 2023), often rejecting evi-
dence from correlational and longitudinal studies in favor of exper-
iments. With this article, a methodological and meta-analytic review
of experimental studies of social media and mental health will be
conducted to examine whether such confidence is warranted.

How Are Social Media Experiments Conducted AQ5
¶

?

Pretty much all experiments of social media effects on mental
health take a similar form. Participants, adults in most cases, are
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randomized to one of two conditions. In the control condition, par-
ticipants are invited to continue using social media as usual. In the
experimental condition, participants are asked to either reduce or
eliminate social media use. Studies vary on whether this abstention
is long term in real life (e.g., Brailovskaia et al., 2023)AQ6

¶
or short term

in a laboratory environment (e.g., Yuen et al., 2019). Some studies
may also include other randomized groups, such as groups asked
to exercise, or manipulate passive and active use of social media,
but all experiments follow the same basic design.
Studies using this design almost all have some straightforward

benefits. Namely, most such studies usewell-validated and standard-
ized measures of mental health and employ some degree of plausible
control group (i.e., use vs. nonuse of social media). Such studies also
experience some fairly routine limitations which are quite serious as
well, and it is to this issue this article next turns.

Pitfalls of Social Media Experiments

Arguably the most profound limitation of current social media
experiments is central to their design: participants must be asked to
refrain from using social media, then at some further date, are asked
about their mental health. Given the very visible nature of debates
regarding social media and mental health, it is likely that many partic-
ipants will be able to guess the hypotheses of these studies. This issue
of demand characteristics (Orne, 1962) has been well understood for
decades, yet it remains an evident and consistent problem for pretty
much all experiments in this field, given they share this same basic
design. There are potential ways to address demand characteristics.
Hypotheses may be disguised, distractor tasks can make hypotheses
less evidence, and careful screening of participants can eliminate
those who guess the study hypothesis. However, such approaches
appear to be fairly rare in thisfield, likely leading to considerable over-
confidence among scholars that experimental results are “real” as
opposed to a consequence of hypothesis guessing.
A second problem arises from the potential for publication bias

and questionable researcher practices. It is important to note that
some studies do use open science principles such as making data
transparent and preregistering hypotheses prior to data collection
and should be commended accordingly (e.g., Hall et al., 2021;
Mitev et al., 2021). However, such studies are rare. This means
that scholars in this field may have considerable freedom to interject
their own opinions into the data, either consciously or unconsciously
nudging the data to better fit study hypotheses in ways that create
false positive results. Such researcher expectancy effects may be
identified through the presence of citation bias in literature reviews.
That is to say, authors who cite only studies supporting their hypoth-
eses fail to support studies that do not and, as such, present the reader
with a distorted picture of the research field. Citation bias has been
found to be associated with spuriously high effect sizes in other
fields such as video game violence (Drummond et al., 2020).
The third issue relates to effect sizes. Some studies involve rela-

tively high sample sizes and interpret the “statistical significance” of
very weak effect sizes as hypothesis-supportive. However, recent
scholarship has found that effect sizes below r= .10 have a very
high false positive rate and are, in essence, indistinguishable from stat-
istical noise (Ferguson & Heene, 2021). This occurs due to a fluke of
large samples in null hypothesis significance testing. In very large
samples, almost all associations become “statistically significant”
even if due to noise effects. This problem has, again, been recognized

for decades (e.g., Cohen, 1994; Wilkinson, & Task Force on
Statistical Inference, American Psychological Association, Science
Directorate, 1999), yet continues to cause misinformation, typically
resulting in overconfidence in hypothesis support. One means of
addressing this is to adopt a smallest effect size of interest (SESOI).
As discussed above, it may be reasonable to suggest r= .10 for
most social science research, as the methodological precision of social
science studies are likely unable to distinguish true effects frommeth-
odological noise below this value. However, higher values may also
be reasonable to demonstrate clinical significance.

A fourth potential issue is selective dropout. It is possible that par-
ticipants asked to reduce social media time may drop out of the study
should they find these instructions to be unpleasant. This can create
response bias, wherein only participants who enjoyed reducing
social media time remain at posttest to indicate mental wellness, arti-
ficially inflating wellness scores posttest for the experimental group.
Some studies (e.g., Faulhaber et al., 2023) have unusually lopsided
participant figures for the experimental and control conditions that
are unlikely from random assignment, suggesting that unreported
dropout might be a factor in these studies.

Finally, it is worth noting that experiments may benefit from a self-
fulfilling prophesy. Given the plethora of news coverage of the issue
of whether social media is linked to mental health, it is likely many
participants may believe news stories that abstinence should promote
mental health. This may cause respondents to behave in ways consis-
tent with this hypothesis, particularly in face-obvious studies of social
media abstinence. Assessing for expectations, hypothesis guessing as
well as measuring other behavioral changes associated with well-
being may help reduce this potential biasing effect.

The Current Analysis

Although some commentators have expressed valuing social media
experiments as a means of demonstrating cause and effect with partic-
ipant mental wellness, it remains unclear whether such studies are suf-
ficient for such conclusions. As of yet, meta-analysis has not
specifically considered this issue. As such, this meta-analysis will
test the hypothesis that experimental manipulation of social media
exposure is associated with improved mental wellness among partic-
ipants in reduced social media time experiments. This meta-analysis
will consider experiments only, thus distinguishing them from corre-
lational and longitudinal studies. Furthermore, this analysis will use a
SESOI of r= .10 as discussed above to reduce the potential for over-
interpretation of noise-related results. This meta-analysis will also
examine whether better quality studies as well as citation bias act as
moderators of study effect size.

Method

Open Science Practices

A preregistered plan for this study can be found at https://osf.io/
yntse. Raw data for themeta-analysis, including all studies and effect
sizes, are located at https://osf.io/jcha2. A list of included studies can
be found at https://osf.io/27dx6.

Selection of Studies

A searchwas conducted on PsycINFO andMedline using the terms
(“Social Media” OR “Facebook” OR “Instagram” OR “Twitter” OR
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“snapchat” OR “social networking” Or “TikTok”) AND (“depres-
sion” OR “anxiety” OR “loneliness” OR “suicide” OR “mental
health” OR “mental well*” OR “mental illness” OR “mental well-
being” OR “psychological well-being”) AND experiment* as subject
searches. Studies identified by previous commentators (e.g., Hanania,
2023; Smith, 2023) as this was valuable locating studies in other fields
such as economics.
To assess the relevance of studies, we identified that they should

meet the following inclusion criteria: include an experimental com-
parison of social media with a control condition,1 and studies must
examine time spent on social media use, not other variables such as
motivations for use, problematic use, etc. The studies must include
enough information to calculate an effect size d. Only main effects
or Time×Condition effects for pre/post designs will be included,
not moderator effects. Ultimately, 27 studies, including two disser-
tations, were found that met the inclusion criteria.

Effect Size Extraction and Calculation

Effect sizes were calculated using the mean differences between
experimental and control conditions to produce an effect size
Cohen’s d. Where means and standard deviations were not pre-
sented, d was calculated from t tests or F statistics. In places
where the available data in a study were not sufficient, requests for
data were made from study authors. For studies reporting multiple
outcome measures, these were averaged together.
Jamovi2 was used to calculate a random-effects mean effect size,

as well as to calculate risks of publication bias including basic funnel
plot analysis, Egger’s regression, and trim and fill. Random-effects
models were used. Given the high power of meta-analysis, almost all
meta-analyses are “statistically significant.” Nonetheless, many
small effects may be statistical artifacts due to methodological issues
such as demand characteristics or single responder bias. Consistent
with the recommendations of Orben and Przybylski (2019), we con-
sidered an effect size of r= .10 (approximately d= 0.21) as the min-
imum for practical significance.

Best Practice Analysis

To analyze the prevalence of best practices adopted within the lit-
erature and test whether this moderated the observed effect sizes, we
utilized the following criteria, from which a numeric score could be
calculated and used in moderation analysis.
Experimental studies were given credit (one point each) for the

following best practices:

1. Used a standardized outcome measure. This involves mea-
sures with clear administrative rules, reducing researcher
degrees of freedom. Measures are administrated in the
same way to all participants across studies.

2. Used a clinically validated measure. This indicates measures
with a research base demonstrating utility in clinical
diagnosis.

3. Used a closely matched control condition differing only in
independent variable-related content. It is likely that the
control condition differs from the experimental condition
only in the independent variable of interest.

4. Used distractor tasks to reduce demand characteristics. This
may include tasks or questionnaires that are not relevant to

the hypotheses and are not similar to either the independent
or dependent variables.

5. Included queries for hypothesis guessing. Attempts are
made to assess for demand characteristics.

6. Preregistered the analysis plan.

This allowed us to calculate a score that could be tested for poten-
tial moderator effects with effect size. Such a score will allow us to
examine whether study quality was associated with either increased
or decreased effect size, thus allowing us to understand howmethod-
ological noise might impact results.

Citation Bias Analysis

Citation bias occurs when study authors only cite articles support-
ing their hypotheses, failing to inform readers of inconsistencies in a
research field. Such bias may be an indication of researcher expec-
tancy effects that may spuriously influence effect sizes. In cases
where the literature review included no citations that conflicted
with the authors’ hypotheses, they were coded as having citation
bias. However, if an article acknowledged at least one research
study or article conflicting with the authors’ hypotheses, they were
not coded as having bias.

Moderator Analysis

Several moderators were considered as part of this study. First, as
indicated above, both best practices and the presence of citation bias
were considered moderators. Second, several moderators were
included that were not preregistered. These included whether the
experiment used some means of verifying participants’ social media
time or if self-report was used, as well as the ratio of the experimental
group to the control group as a possible indication of selective drop-
out. This latter analysis will help to examinewhether selective dropout
might be a factor in artificially high effect sizes. Third, the age of the
study’s participants was considered possible moderators, as was the
study year.

Results

Table 1 presents the results of all analyses. Figure 1 presents a fun-
nel plot for all studies. As can be seen the overall estimate for d
across studies was 0.088, which was nonsignificant and well
below the SESOI (r= .10, d= 0.21). However, this masked a signif-
icant amount of heterogeneity between studies. Specifically, effect
sizes varied considerably between studies meaning that the mean
effect size is unlikely to be representative of population means.
Indeed, effect sizes across studies ranged from those that moderately
supported the harm hypothesis (d= 0.797) to those more modestly
supporting that social media was beneficial (d=−0.365), albeit
with most effect sizes below the evidentiary threshold (d= 0.21)
in either direction.

1 To reduce noise in the data, we focused on time spent on social media and
so excluded studies which measured motivations for using social media, or
for what purposes social media was used and studies measuring “problematic
social media use.”

2 This does represent a slight deviation from our preregistration which
mentioned using Comprehensive Meta Analysis and Shinyapps for calcula-
tions. We have switched to jamovi during this time, which was unrelated
to the results of the meta-analysis.
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In regard to publication bias, the results for both Begg and
Mazumdar’s (r=−.13, p= .337) and Egger’s (r=−.51, p=
.610) regressions suggested an absence of publication bias, albeit
low power may have made bias difficult to find. Trim and fill sug-
gested there might be two missing unpublished studies, but given
an inconsistency in these outcomes, it is most conservative to inter-
pret little evidence for publication bias.
For continuous moderators, participant age (Z= 2.25, p= .024) but

not study year (Z= 0.364, p= .716) were associatedwith higher effect
sizes. Although best practice studies were observed to generally have
lower effect sizes than did nonbest practices studies this did not achieve
statistical significance (Z=−1.85, p= .065). The citation bias moder-
ator did achieve significance (Z=−2.00, p= .045). For exploratory
moderator variables, whether social media time had been verified or
not did not predict effect sizes (Z=−1.03, p= .301) nor did the
ratio indicating potential dropout (Z=−0.092, p= .927). It is worth
noting that the small number of studies may have underpowered the
moderator analyses, and issues related to both best practices and cita-
tion bias may be worthy of further study.
In exploratory analysis, Cook’s distances identified Lambert et al.

(2022) as a potential effect size outlier. Using a “leave one out” anal-
ysis, the effect size without this study would be d= 0.064.

Discussion

Concerns continue to abound regarding the potential impacts of
social media on mental health of users of this technology. Recent

commentary has sometimes focused on experiments of social
media use as potentially convincing evidence for effects (e.g.,
Hanania, 2023; Smith, 2023). The current analysis suggests that
this confidence is misplaced. Across experiments, the meta-analytic
estimate of effects does not statistically differ from zero. Although
this masks considerable heterogeneity between studies, it is also
likely that the basic study design is insufficient to answer questions
about social media effects.

All extant studies use some variation on a basic approach, namely,
asking participants to reduce or eliminate social media time if in an
experimental condition. Unfortunately, particularly given the very
visible public debate, this makes demand characteristics fairly obvi-
ous, introducing hypothesis guessing confounds. With that in mind,
it’s actually surprising that so many studies don’t find ostensible evi-
dence for an effect.

It’s possible that better designs might reduce demand characteris-
tics. For instance, scholars might include more distractor tasks to
make hypotheses of the study less obvious. Researchers could also
do a more effective job in querying for hypothesis guessing and
eliminating participants who were able to guess study hypotheses.
However, it may also simply be that such a blunt design as com-
monly used in these experiments is inappropriate for the task at hand.

Unfortunately, testing for design issues as moderators—a best prac-
tices analysis—was hampered by a fairly high degree of methodolog-
ical uniformity between studies. On the positive side, most studies
employed standardized, validated measures and included reasonable
control groups. On the negative side, few studies used distractor
tasks, queried sufficiently for hypothesis guessing or preregistered
their studies. Although best-practices analyses were nonsignificant
for the current meta-analysis, this may reflect both lack of variance
between studies on study quality and low power for the analysis.

Citation bias did prove to be a significant moderator of effect size,
with studies with citation bias producing higher effect sizes. This is
one indication that researcher expectancy effects may be having
some influence on studies in this realm. Greater use of open science
principles such as preregistration and open data may help reduce
this issue.

Although the overall meta-analytic effect size was nonsignificant,
it is worth remarking on the sheer heterogeneity of effect sizes
between studies. Although many studies had near-zero effect
sizes, others were quite large, both positive and negative in direction.
Despite having conducted numerous prior meta-analyses, this author
cannot remember seeing such between-study heterogeneity in results
in other fields and is at a loss to explain this. Nonetheless, other
authors have communicated that large heterogeneity is common in
media and communication studies (e.g., Levine & Weber, 2020),
so this may be a wider problem for numerous research fields that
warrants caution on the overinterpretation of mean effect sizes in
meta-analysis, particularly as purported debate enders.

One possible explanation for the heterogeneity is that studies often
examined widely different social media platforms. These may create
very different experiences with potentially different effects. However,
it’s also plausible that differences in methodology between studies
may produce significant heterogeneity. Of course, these two explana-
tions are not mutually exclusive.

Is it possible that small effects may be meaningful if extended
over a large population? This is a common rationalization of small
effect sizes, but the simple answer is “no.” This is for two reasons.
First, effect sizes are an estimate of a magnitude of impact for the

Figure 1
Funnel Plot for All Studies

Table 1
Meta-Analytic Results of Social Media andMental Health Outcomes

AQ17
¶

Random-effects model (k= 27)

AQ18
¶

Estimate (d ) Z p CI lower bound CI upper bound

0.088 1.63 .104 −0.018 0.197

Heterogeneity statistics

Tau Tau2 I2 H2 df Q p

0.114 0.013 (SE= 0.0053) 75.2% 4.025 26.000 91.64 ,.001

Note. Tau2 estimator: maximum-likelihood. For the purposes of analysis in
jamovi, values d were converted to r and then converted back again. CI=
confidence interval.
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mean individual. They are not meant to be sprinkled as with pixie
dust over a population, implying that some proportion of said popu-
lation will experience clinically significant effects. Second, and per-
haps of greater critical importance, it’s now well established that
social science simply lacks the precision, for small effect, to distin-
guish signal from noise. This means there is simply no reason to
believe that such small effects are real as opposed to due simply to
methodological noise. Thus, it is most conservative to discard
them as hypothesis-supportive, even if “statistically significant” in
large sample studies or meta-analyses (Ferguson & Heene, 2021)AQ7

¶
.

If the current approach to examining social media effects experi-
mentally is insufficient, a better mousetrap, such as it is, may not be
evident. There may be no clear way to randomize people to social
media conditions without making hypothesis guessing a critical con-
found. As such, our consideration of this issue may have to prioritize
correlational and longitudinal findings.

Limitations

As with all studies, this one may have limitations. The current
search strategy employed subject search terms and it is possible
that this may have resulted in some missed articles that did not
show up under a subject search. Given the relatively few studies
included, both publication bias and moderator analyses may have
suffered from reduced power. Although the best practices analysis
considered several issues commonly explored in other best practice
analyses, it is possible that other methodological issues were not
considered. Although dependent variables were all under the
umbrella of “mental health” and most were standardized and well
validated, they nonetheless varied considerably. Measures ranged
from clearly clinical measures of depression and anxiety to more
general measures of well-being and self-esteem, often within the
same articles. This may also introduce significant heterogeneity.

Better Studies

Given widespread problems with experiments in this area, partic-
ularly related to hypothesis guessing, it is reasonable to ask what bet-
ter quality experiments may look like. Given the primary issue of
demand characteristics, experiments which reduce these are tanta-
mount. One possibility is embedding both the independent and
dependent variables within a plethora of other, irrelevant, tasks.
For instance, the social media reduction IV might be embedded
within a host of other ostensibly healthy practices such as increasing
exercise, changing diet, personal meditation, and so forth. The
experimental and control group would only differ regarding whether
social media was added to these other life changes. Any tracking
measures would track all of these life changes, not only screen
time. Likewise, questionnaires regarding mental health could be
embedded among other surveys having nothing remotely to do
with the study hypotheses. This, of course, places a larger burden
on participants but may be worth considering with adequate IRBAQ8

¶ oversight (to be sure there are no health concerns with other life
changes) and compensation for the time investment by participants.
Studies should also clearly debrief participants and make debriefing
procedures clear in published articles. I generally advocate that
researchers directly ask participants, “If you had to guess the hypoth-
esis of this study, what would you guess?” as this tends to produce
more responses than merely asking if participants guessed the

study hypothesis. Any responses remotely involving social media
and mental health should result in participants being discarded
from the analysis. Lastly, open science principles of preregistration
and open data should be used for all studies.

It may beworth considering, as well, that time spent on social media
may simply be a poor measure of potential effects, whether in exper-
imental or longitudinal studies. Some prior research had examined pro-
cesses, or how people used social media as potential issues. For
instance, using social media for, effectively, self-promotion tended
to be associated with positive outcomes (Reinecke & Trepte, 2014) AQ9

¶whereas ruminating over deficiencies is associated with more negative
outcomes (Davila et al., 2012). However, this degree of nuance appears
to have been lost more recently in the rush to blame social media for
teen suicide.

Conclusions

Currently, experimental studies should not be used to support the
conclusion that social media use is associated with mental health.
Taken at surface value, mean effect sizes are no different from
zero. Put very directly, this undermines causal claims by some schol-
ars (e.g., Haidt, 2020; Twenge, 2020) that reductions in social media
timewould improve adolescent mental health. However, mean effect
sizes aside, there are reasons to suspect that the methodology of most
such studies is simply not up to the task. Use of preregistration and
other open science principles, and a greater reliance on good longi-
tudinal designs may be more effective.

References AQ10
¶

American Psychological Association. (2023). Health advisory on social media
use in adolescence. https://www.apa.org/topics/social-media-internet/health-
advisory-adolescent-social-media-use

Bowman, N. D. (2016). The rise (and refinement) of moral panic. In
R. Kowert & T. Quandt (Eds.), The video game debate: Unravelling the
physical, social, and psychological effects of digital games (pp. 22–38).
Routledge/Taylor & Francis Group.

Brailovskaia, J., Swarlik, V. J., Grethe, G. A., Schillack, H., & Margraf, J.
(2023). Experimental longitudinal evidence for causal role of social
media use and physical activity in COVID-19 burden and mental health.
Journal of Public Health, 31(11), 1885–1898. https://doi.org/10.1007/
s10389-022-01751-x

Cohen, J. (1994). The Earth is round (p, .05). American Psychologist,
49(12), 997–1003. https://doi.org/10.1037/0003-066X.49.12.997

Cunningham, S., Hudson, C. C., & Harkness, K. (2021). Social media and
depression symptoms: A meta-analysis. Research on Child and Adolescent
Psychopathology, 49(2), 241–253. https://doi.org/10.1007/s10802-020-
00715-7

Davila, J., Hershenberg, R., Feinstein, B. A., Gorman, K., Bhatia, V., & Starr,
L. R. (2012). Frequency and quality of social networking among young
adults: Associations with depressive symptoms, rumination, and corumina-
tion. Psychology of Popular Media Culture, 1(2), 72–86. https://doi.org/10
.1037/a0027512

Drummond, A., Sauer, J. D., & Ferguson, C. J. (2020). Do longitudinal stud-
ies support long-term relationships between aggressive game play and
youth aggressive behavior? A meta-analytic examination. Royal Society
Open Science, 7(7), Article 200373. https://doi.org/10.1098/rsos.200373

Faulhaber, M. E., Lee, J. E., & Gentile, D. A. (2023). The effect of
self-monitoring limited social media use on psychological well-being.
Technology, Mind, and Behavior, 4(2). https://doi.org/10.1037/tmb0000111 AQ11

¶Ferguson, C. J. (in press). Social media experiments meta-analysis. Open
Science Framework. https://osf.io/hv7us/ AQ12

¶

SOCIAL MEDIA EFFECTS ON MENTAL HEALTH 5

473

474

475

476

477

478

479

480

481

482

483

484

485

486

487

488

489

490

491

492

493

494

495

496

497

498

499

500

501

502

503

504

505

506

507

508

509

510

511

512

513

514

515

516

517

518

519

520

521

522

523

524

525

526

527

528

529

530

531

532

533

534

535

536

537

538

539

540

541

542

543

544

545

546

547

548

549

550

551

552

553

554

555

556

557

558

559

560

561

562

563

564

565

566

567

568

569

570

571

572

573

574

575

576

577

578

579

580

581

582

583

584

585

586

587

588

589

590

https://www.apa.org/topics/social-media-internet/health-advisory-adolescent-social-media-use
https://www.apa.org/topics/social-media-internet/health-advisory-adolescent-social-media-use
https://www.apa.org/topics/social-media-internet/health-advisory-adolescent-social-media-use
https://www.apa.org/topics/social-media-internet/health-advisory-adolescent-social-media-use
https://www.apa.org/topics/social-media-internet/health-advisory-adolescent-social-media-use
https://doi.org/10.1007/s10389-022-01751-x
https://doi.org/10.1007/s10389-022-01751-x
https://doi.org/10.1007/s10389-022-01751-x
https://doi.org/10.1037/0003-066X.49.12.997
https://doi.org/10.1037/0003-066X.49.12.997
https://doi.org/10.1037/0003-066X.49.12.997
https://doi.org/10.1037/0003-066X.49.12.997
https://doi.org/10.1037/0003-066X.49.12.997
https://doi.org/10.1007/s10802-020-00715-7
https://doi.org/10.1007/s10802-020-00715-7
https://doi.org/10.1007/s10802-020-00715-7
https://doi.org/10.1037/a0027512
https://doi.org/10.1037/a0027512
https://doi.org/10.1098/rsos.200373
https://doi.org/10.1098/rsos.200373
https://doi.org/10.1098/rsos.200373
https://doi.org/10.1037/tmb0000111
https://doi.org/10.1037/tmb0000111
https://osf.io/hv7us/
https://osf.io/hv7us/
https://osf.io/hv7us/


Ferguson, C. J., & Heene, M. (2021). Providing a lower-bound estimate for
psychology’s “crud factor”: The case of aggression. Professional
Psychology: Research and Practice, 52(6), 620–626. https://doi.org/10
.1037/pro0000386

Ferguson, C. J., Kaye, L. K., Branley-Bell, D.,Markey, P., Ivory, J. D., Klisanin,
D., Elson,M., Smyth,M., Hogg, J. L.,McDonnell, D., Nichols, D., Siddiqui,
S., Gregerson, M., & Wilson, J. (2022). Like this meta-analysis: Screen
media and mental health. Professional Psychology: Research and Practice,
53(2), 205–214. https://doi.org/10.1037/pro0000426

Haidt, J. (2020). Digital technology under scrutiny: A guilty verdict. Nature,
578(7794), 226–227. https://doi.org/10.1038/d41586-020-00296-x

Hall, J. A., & Liu, D. (2022). Social media use, social displacement, and well-
being.Current Opinion in Psychology, 46, Article 101339. https://doi.org/
10.1016/j.copsyc.2022.101339

AQ13
¶

AQ14
¶ Hall, J. A., Xing, C., Ross, E. M., & Johnson, R. M. (2021). Experimentally

manipulating social media abstinence: Results of a four-week diary study.
Media Psychology, 24(2), 259–275. https://doi.org/10.1080/15213269
.2019.1688171

Hanania, R. (2023). How I changed my mind on social media and teen
depression. https://www.richardhanania.com/p/how-i-changed-my-mind-
on-social-media

House of Commons Science and Technology Select Committee. (2019).
Impact of social media and screen-use on young people’s health (pp.
1–92). House of Commons. https://publications.parliament.uk/pa/
cm201719/cmselect/cmsctech/822/822.pdf

Kaye, L. K. (2022). Issues and debates in cyberpsychology. Open University
Press.

Lambert, J., Barnstable, G., Minter, E., Cooper, J., & McEwan, D. (2022).
Taking a one-week break from social media improves well-being, depression,
and anxiety: A randomized controlled trial. Cyberpsychology, Behavior, and
Social Networking, 25(5), 287–293. https://doi.org/10.1089/cyber.2021.0324

Levine, T. R., &Weber, R. (2020). Unresolved heterogeneity in meta-analysis:
Combined construct invalidity, confounding, and other challenges to under-
standing mean effect sizes. Human Communication Research, 46(2–3),
343–354. https://doi.org/10.1093/hcr/hqz019

Mitev, K., Weinstein, N., Karabeliova, S., Nguyen, T., Law,W., & Przybylski,
A. (2021). Socialmedia use only helps, and does not harm, daily interactions
and well-being. Technology, Mind, and Behavior, 2(1). https://doi.org/10
.1037/tmb0000033AQ15

¶ Odgers, C. L., & Jensen, M. R. (2020). Annual research review: Adolescent
mental health in the digital age: Facts, fears, and future directions. Journal
of Child Psychology and Psychiatry, 61(3), 336–348. https://doi.org/10
.1111/jcpp.13190

Orben, A. (2020). The Sisyphean cycle of technology panics.Perspectives on
Psychological Science, 15(5), 1143–1157. https://doi.org/10.1177/174569
1620919372

Orben, A., & Przybylski, A. K. (2019). The association between adolescent

well-being and digital technology use. Nature Human Behaviour, 3(2),

173–182. https://doi.org/10.1038/s41562-018-0506-1
Orne, M. T. (1962). On the social psychology of the psychological experi-

ment: With particular reference to demand characteristics and their impli-

cations.American Psychologist, 17(11), 776–783. https://doi.org/10.1037/

h0043424
Reinecke, L., & Trepte, S. (2014). Authenticity and well-being on social net-

work sites: A two-wave longitudinal study on the effects of online authen-

ticity and the positivity bias in SNS communication. Computers in Human

Behavior, 30, 95–102. https://doi.org/10.1016/j.chb.2013.07.030 AQ16
¶Satchell, L., Fido, D., Harper, C., Shaw, H., Davidson, B. I., Ellis, D. A.,

Hart, C. M., Jalil, R., Jones, A., Kaye, L. K., Lancaster, G., & Pavetich,

M. (2021). Development of an Offline-Friend Addiction Questionnaire

(O-FAQ): Are most people really social addicts? Behavior Research

Methods, 53(3), 1097–1106. https://doi.org/10.3758/s13428-020-01462-9
Smith, N. (2023). Honestly, it’s probably the phones. https://www.noahpinion

.blog/p/honestly-its-probably-the-phones
Twenge, J. M. (2020). Increases in depression, self-harm, and suicide among

U.S. adolescents after 2012 and links to technology use: Possible mecha-

nisms. Psychiatric Research and Clinical Practice, 2(1), 19–25. https://

doi.org/10.1176/appi.prcp.20190015
UK Parliament. (2023). Online safety bill. https://bills.parliament.uk/bills/

3137
USDepartment of Health and Human Services. (2023). Social media policies.

Retrieved May 5, 2023, from https://www.hhs.gov/web/social-media/

policies/index.html
Want, S. C. (2014). Three questions regarding the ecological validity of

experimental research on the impact of viewing thin-ideal media images.

Basic and Applied Social Psychology, 36(1), 27–34. https://doi.org/10

.1080/01973533.2013.856783
Wilkinson, L., & Task Force on Statistical Inference, American Psychological

Association, Science Directorate. (1999). Statistical methods in psycholog-

ical journals: Guidelines and explanations. American Psychologist, 54(8),

594–604. https://doi.org/10.1037/0003-066X.54.8.594
Yuen, E. K., Koterba, E. A., Stasio, M. J., Patrick, R. B., Gangi, C., Ash, P.,

Barakat, K., Greene, V., Hamilton, W., &Mansour, B. (2019). The effects

of Facebook on mood in emerging adults. Psychology of Popular Media

Culture, 8(3), 198–206. https://doi.org/10.1037/ppm0000178

Received October 22, 2023
Revision received February 7, 2024

Accepted March 31, 2024 ▪

FERGUSON6

591

592

593

594

595

596

597

598

599

600

601

602

603

604

605

606

607

608

609

610

611

612

613

614

615

616

617

618

619

620

621

622

623

624

625

626

627

628

629

630

631

632

633

634

635

636

637

638

639

640

641

642

643

644

645

646

647

648

649

650

651

652

653

654

655

656

657

658

659

660

661

662

663

664

665

666

667

668

669

670

671

672

673

674

675

676

677

678

679

680

681

682

683

684

685

686

687

688

689

690

691

692

693

694

695

696

697

698

699

700

701

702

703

704

705

706

707

708

https://doi.org/10.1037/pro0000386
https://doi.org/10.1037/pro0000386
https://doi.org/10.1037/pro0000426
https://doi.org/10.1037/pro0000426
https://doi.org/10.1038/d41586-020-00296-x
https://doi.org/10.1038/d41586-020-00296-x
https://doi.org/10.1016/j.copsyc.2022.101339
https://doi.org/10.1016/j.copsyc.2022.101339
https://doi.org/10.1016/j.copsyc.2022.101339
https://doi.org/10.1016/j.copsyc.2022.101339
https://doi.org/10.1016/j.copsyc.2022.101339
https://doi.org/10.1016/j.copsyc.2022.101339
https://doi.org/10.1080/15213269.2019.1688171
https://doi.org/10.1080/15213269.2019.1688171
https://doi.org/10.1080/15213269.2019.1688171
https://doi.org/10.1080/15213269.2019.1688171
https://www.richardhanania.com/p/how-i-changed-my-mind-on-social-media
https://www.richardhanania.com/p/how-i-changed-my-mind-on-social-media
https://www.richardhanania.com/p/how-i-changed-my-mind-on-social-media
https://www.richardhanania.com/p/how-i-changed-my-mind-on-social-media
https://www.richardhanania.com/p/how-i-changed-my-mind-on-social-media
https://publications.parliament.uk/pa/cm201719/cmselect/cmsctech/822/822.pdf
https://publications.parliament.uk/pa/cm201719/cmselect/cmsctech/822/822.pdf
https://publications.parliament.uk/pa/cm201719/cmselect/cmsctech/822/822.pdf
https://publications.parliament.uk/pa/cm201719/cmselect/cmsctech/822/822.pdf
https://publications.parliament.uk/pa/cm201719/cmselect/cmsctech/822/822.pdf
https://publications.parliament.uk/pa/cm201719/cmselect/cmsctech/822/822.pdf
https://doi.org/10.1089/cyber.2021.0324
https://doi.org/10.1089/cyber.2021.0324
https://doi.org/10.1089/cyber.2021.0324
https://doi.org/10.1089/cyber.2021.0324
https://doi.org/10.1093/hcr/hqz019
https://doi.org/10.1093/hcr/hqz019
https://doi.org/10.1037/tmb0000033
https://doi.org/10.1037/tmb0000033
https://doi.org/10.1111/jcpp.13190
https://doi.org/10.1111/jcpp.13190
https://doi.org/10.1111/jcpp.13190
https://doi.org/10.1177/1745691620919372
https://doi.org/10.1177/1745691620919372
https://doi.org/10.1177/1745691620919372
https://doi.org/10.1038/s41562-018-0506-1
https://doi.org/10.1038/s41562-018-0506-1
https://doi.org/10.1037/h0043424
https://doi.org/10.1037/h0043424
https://doi.org/10.1037/h0043424
https://doi.org/10.1016/j.chb.2013.07.030
https://doi.org/10.1016/j.chb.2013.07.030
https://doi.org/10.1016/j.chb.2013.07.030
https://doi.org/10.1016/j.chb.2013.07.030
https://doi.org/10.1016/j.chb.2013.07.030
https://doi.org/10.1016/j.chb.2013.07.030
https://doi.org/10.3758/s13428-020-01462-9
https://doi.org/10.3758/s13428-020-01462-9
https://www.noahpinion.blog/p/honestly-its-probably-the-phones
https://www.noahpinion.blog/p/honestly-its-probably-the-phones
https://www.noahpinion.blog/p/honestly-its-probably-the-phones
https://www.noahpinion.blog/p/honestly-its-probably-the-phones
https://doi.org/10.1176/appi.prcp.20190015
https://doi.org/10.1176/appi.prcp.20190015
https://doi.org/10.1176/appi.prcp.20190015
https://doi.org/10.1176/appi.prcp.20190015
https://doi.org/10.1176/appi.prcp.20190015
https://bills.parliament.uk/bills/3137
https://bills.parliament.uk/bills/3137
https://bills.parliament.uk/bills/3137
https://bills.parliament.uk/bills/3137
https://bills.parliament.uk/bills/3137
https://www.hhs.gov/web/social-media/policies/index.html
https://www.hhs.gov/web/social-media/policies/index.html
https://www.hhs.gov/web/social-media/policies/index.html
https://www.hhs.gov/web/social-media/policies/index.html
https://www.hhs.gov/web/social-media/policies/index.html
https://www.hhs.gov/web/social-media/policies/index.html
https://doi.org/10.1080/01973533.2013.856783
https://doi.org/10.1080/01973533.2013.856783
https://doi.org/10.1080/01973533.2013.856783
https://doi.org/10.1080/01973533.2013.856783
https://doi.org/10.1037/0003-066X.54.8.594
https://doi.org/10.1037/0003-066X.54.8.594
https://doi.org/10.1037/0003-066X.54.8.594
https://doi.org/10.1037/0003-066X.54.8.594
https://doi.org/10.1037/0003-066X.54.8.594
https://doi.org/10.1037/ppm0000178
https://doi.org/10.1037/ppm0000178

	Do Social Media Experiments Prove a Link With Mental Health: A Methodological and Meta-Analytic Review
	Outline placeholder
	How Are Social Media Experiments Conducted&?show [AQ ID=AQ5]?;?
	Pitfalls of Social Media Experiments
	The Current Analysis

	Method
	Open Science Practices
	Selection of Studies
	Effect Size Extraction and Calculation
	Best Practice Analysis
	Citation Bias Analysis
	Moderator Analysis

	Results
	Discussion
	Limitations
	Better Studies

	Conclusions
	References&?show [AQ ID=AQ10]?;



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile ()
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 5
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /None
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /None
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /None
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    33.84000
    33.84000
    33.84000
    33.84000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    9.36000
    9.36000
    9.36000
    9.36000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames false
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks true
      /AddColorBars false
      /AddCropMarks true
      /AddPageInfo true
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


